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Population type: | Double vector ~

Solver: | ga - Genetic Algorithm ~

* Fitness function——7— = |®=
* Number of variables

Population size: (8 Use default: 50 for five or fewer variables, otherwise 200

Mumber of variables: = () Specify:
§ obaAll e ¢ Audadll &gl JWA o
[ - i ion: i l
L; - ).J..CJ - J‘):\SI .J; USA:\ e Creation function: | Constraint dependent
J ..x\ o S Linear inequalities: A b:
. g Linear equalities: Aeq: beg: Initial population: (@) Use default: []
Bounds: Lowver: Upper: O Specify:
Maonlinear constraint function; Initizl s cores: @) Use default: []
& A RSE v o - - " o et . .
l 3 ’“ Sta rt LM—\ ( s L 2N 3“ Integer variakle indices: )
GA j - e—iﬁ - () Specify:
. Run solver and vi L
N \ o eer \ v Initial range: (®) Use default: [-10:10]
. UA j - 4-; m states from previous run
() Specify:
Pause Stop - -
[=] Fitness scaling
/ Current iteration: Clear Results Scaling function: | Rank -

.Options 4aslll G Gl LAY jpas
U‘JM‘ dﬂui plot :\AJS UA C_;\u.d\ eM)J b Sele;i:n::;ction: Stachastic unifarm v
.Options ax

Final paint:

=l Reproduction

Elite count: (®) Use default: 0.05*PopulationSize v
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Ras(x) = 20 + .1:% + .rg —~10(cos2rx, + cos2mxy)

Fithess function: |@I’EI striginsfcn Stetus and results: Clear Status |

A running.

Number of variables: |2 A terminated
Fitness function walue: 0. S54clB8d4eT2988248E3

ptimization terminated: average chanae in the

d | 2

~“Fun solver

I I..l' { : il i
I_ Final poirt:

\ ‘ 1 2
Etart ] . 000218 0.05266

4] i
current generation: ‘

[x fval exitflag] = ga(@rastriginsfcn, 2)
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f(x) =100(x7 — x3)* + (1 — x1)?
s A8 Al iSS g Dle (B s a5 G e
function y = simple_fitness(x)
y =100 * (x(1)*2 - x(2)) "2 + (1 - x(1))"2;

:@m\ LL‘ ..S ..S\ N N . .~S. Jﬁd;ﬂ . I A
FitnessFunction = @simple_fitness;
numberOfVariables = 2;

[x,fval] = ga(FitnessFunction,numberOfVariables)
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° X{.Xy+X1{-X,+1.5<0 (nonlinear constraint)
10-x, .x, <0 (nonlinear constraint)
O0<x;<1 (bound)
0<x,<13 (bound)

4 3 5l) iS5 BlLe (8 daa AU (00 e
e function [c, ceq] = simple_constraint(x)
c=[1.5+ x(1)*x(2) + x(1) - x(2);
-x(1)*x(2) + 10];
ceq = [[;
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* ObjectiveFunction = @simple_fitness;
nvars = 2; % Number of variables
LB =[0,0]; % Lower bound
UB =[1,13]; % Upper bound
ConstraintFunction = @simple_constraint;
[x,fval] = ga(ObjectiveFunction,nvars,[],[],[],[],LB,UB, ...
ConstraintFunction)
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e options = gaoptimset('MutationFcn',@mutationadaptfeasible);
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* [x,fval] = ga(ObjectiveFunction,nvars,[],[],[],[],LB,UB, ...
ConstraintFunction,options)
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e options = gaoptimset('PlotFcns',{@gaplotbestf, @gaplotstopping});

el Aial) dae )l Al Al dalatl) Janiy o
e [x,fval] = ga(ObjectiveFunction,nvars,[],[],[],[],LB,UB, ...
ConstraintFunction,options)
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options = gaoptimset(options,'PopulationSize',10);

S aanill Jlae paa3
options = gaoptimset(options,'PoplnitRange’,[-1 0;1 2]);

;a8 gil) jlama (Jhdas
options = gaoptimset(options,'Generations',150,'StallGenLimit’, 100);

1l lall ddlia) ae diadl 4 ) ) sad) daglad 2an 4leill 8
[x,Fval,exitFlag,Output] = ga(FitnessFunction,numberOfVariables,[],[],[],...
[1,01,11,],0ptions);
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